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Abstract: Research highlights—Feedbacks between fire severity, vegetation structure and ecosys-
tem flammability are understudied in highly fire-tolerant forests that are dominated by epicormic
resprouters. We examined the relationships between the severity of two overlapping fires in a
resprouting eucalypt forest and the subsequent effect of fire severity on fuel structure. We found that
the likelihood of a canopy fire was the highest in areas that had previously been exposed to a high
level of canopy scorch or consumption. Fuel structure was sensitive to the time since the previous
canopy fire, but not the number of canopy fires. Background and Objectives—Feedbacks between fire
and vegetation may constrain or amplify the effect of climate change on future wildfire behaviour.
Such feedbacks have been poorly studied in forests dominated by highly fire-tolerant epicormic
resprouters. Here, we conducted a case study based on two overlapping fires within a eucalypt forest
that was dominated by epicormic resprouters to examine (1) whether past wildfire severity affects
future wildfire severity, and (2) how combinations of understorey fire and canopy fire within reburnt
areas affect fuel properties. Materials and Methods—The study focused on ≈77,000 ha of forest in
south-eastern Australia that was burnt by a wildfire in 2007 and reburnt in 2013. The study system
was dominated by eucalyptus trees that can resprout epicormically following fires that substantially
scorch or consume foliage in the canopy layer. We used satellite-derived mapping to assess whether
the severity of the 2013 fire was affected by the severity of the 2007 fire. Five levels of fire severity were
considered (lowest to highest): unburnt, low canopy scorch, moderate canopy scorch, high canopy
scorch and canopy consumption. Field surveys were then used to assess whether combinations of
understorey fire (<80% canopy scorch) and canopy fire (>90% canopy consumption) recorded over
the 2007 and 2013 fires caused differences in fuel structure. Results—Reburn severity was influenced
by antecedent fire severity under severe fire weather, with the likelihood of canopy-consuming
fire increasing with increasing antecedent fire severity up to those classes causing a high degree of
canopy disturbance (i.e., high canopy scorch or canopy consumption). The increased occurrence of
canopy-consuming fire largely came at the expense of the moderate and high canopy scorch classes,
suggesting that there was a shift from crown scorch to crown consumption. Antecedent fire severity
had little effect on the severity patterns of the 2013 fire under nonsevere fire weather. Areas affected by
canopy fire in 2007 and/or 2013 had greater vertical connectivity of fuels than sites that were reburnt by
understorey fires, though we found no evidence that repeated canopy fires were having compounding
effects on fuel structure. Conclusions—Our case study suggests that exposure to canopy-defoliating
fires has the potential to increase the severity of subsequent fires in resprouting eucalypt forests in
the short term. We propose that the increased vertical connectivity of fuels caused by resprouting
and seedling recruitment were responsible for the elevated fire severity. The effect of antecedent fire
severity on reburn severity will likely be constrained by a range of factors, such as fire weather.
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1. Introduction

Wildfire size, the annual area burned and the extent of high severity fire are increasing
across many forested regions worldwide [1]. Much of the change in fire activity has been
attributed to recent warming and drying trends associated with anthropogenic climate
change [2,3], owing to the dominant influence of fuel aridity and fire weather on forest fire
behaviour [4–6]. The frequency and duration of climatic conditions that are conducive to
large wildfires are projected to increase across many forested regions in the future [7–9],
with models forecasting greater exposure of forests to large and severe wildfires [10,11].
Feedbacks between fire and vegetation have the potential to either constrain or increase the
effect of climate on future wildfire behaviour through the modification of fuel properties
and ecosystem flammability [11,12]. However, these feedbacks remain poorly under-
stood [13,14], and as such, are rarely incorporated into projections of the effects of climate
change on ecosystem flammability and fire regimes [11].

Flammability is a multidimensional trait of fuels that encompasses their probability of
ignition, rate of combustion and amount of heat released [15]. The flammability of a fuel
particle is determined by its physical properties (e.g., size, shape, moisture content and
calorific value) and the exogenous conditions under which the fuel ignites and burns [16,17].
Fire behaviour at the stand or ecosystem scale, which provides a contextual measure of
flammability [18], is determined by the flammability traits of individual fuel particles
and their vertical and horizontal arrangement within a plant, fuel stratum and stand [19].
Exogenous factors that affect fuel moisture (i.e., soil moisture content, temperature and
relative humidity) and flame propagation (i.e., wind) will strongly affect fire behaviour, as
they influence the likelihood that fire will bridge the gaps between fuel particles within
and between fuel strata [19]. Past exposure of ecosystems to fire may alter leaf flammability
traits and the spatial arrangement of fuels [20], as well as the exogenous conditions affecting
fuel moisture [21], though these effects will depend on the immediate and longer-term
response of the vegetation community to fire [14,22].

Fire severity is a measure that is used to quantify the immediate impact of fire on
ecosystems [23]. Metrics used to quantify fire severity vary, though most tend to focus on
the degree of change to canopy and understorey foliage (e.g., stem mortality, foliage scorch
and consumption), as these changes are readily detected using remote sensing [24–26].
In the context of this paper, we describe fire severity based on the degree of scorch and
consumption of foliage, providing a measure of the immediate impacts of fire on vegeta-
tion [23,27]. In this schema, fires that result in the complete consumption of canopy foliage
will represent the upper extreme of the fire severity spectrum within a community, whereas
fires causing little or no impact to the canopy or understorey foliage represent the lower
end of the spectrum [27–29]. Fire causing intermediate levels of consumption and scorch
to foliage are typically considered to be of intermediate severity [24,27].

An ecosystem’s response to a fire will depend on the capacity of the vegetation
community to resist the direct effects of fire, termed “fire resistance”, or recover following
a fire via resprouting or seedling recruitment, termed “fire resilience” [30]. Fires or fire
regimes that exceed the resistance or resilience of the dominant tree species will cause
substantial changes to vegetation composition and structure [31–33], where in extreme
cases, this leads to the conversion of forests to nonforested states [34]. These structural and
compositional changes often increase the amount of live and dead fuel close to the forest
floor (e.g., [14,35]). This is particularly evident following high-severity fires occurring at
short-intervals, which can instigate the conversion of forests dominated by fire-sensitive
obligate seeder tree species to highly flammable nonforest states [30,32,36]. In more fire-
tolerant forests dominated by resprouters, high-severity fire can cause substantial changes
to canopy structure, reducing the gaps between the tree canopy and litter fuels on the forest
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floor [31,33]. Such changes to the biomass and arrangement of fuels are often inferred as
evidence of positive fire feedbacks (e.g., [32]), though empirical tests over multiple fire
cycles are lacking for many ecosystems.

The eucalypt forests of south-eastern Australia are highly fire-tolerant communities
that are primarily composed of plant species that display some resilience to fire (i.e., >95%
of species [37]). Most of these forests are dominated by eucalypt trees (i.e., Eucalyptus,
Corymbia and Angophora spp.) [38] that are capable of resprouting from buds on the stem
and branches in response to fires that impact the canopy foliage, which is a trait that is
referred to as “epicormic resprouting” [39,40]. Canopy species in these forests show a high
degree of resistance to understorey fires that primarily burn the surface litter, herbaceous
and shrub layers, and result in a low-to-moderate degree of canopy scorch [27,31,41,42].
The resistance of these canopy species decreases as the degree of scorch or consumption
of canopy foliage increases, with high rates of branch and stem mortality being observed
following fires that consume most of the canopy leaves (i.e., canopy fires) [31,42,43]. Mass
seedling recruitment and vigorous resprouting along surviving defoliated stems and branches
often occur following fires that cause extensive leaf scorch or consumption [31,44]. It has been
proposed that these structural changes to vegetation increase the flammability of eucalypt
forests [22,35], resulting in positive feedbacks between canopy fires (e.g., [45]), though research
linking the fire severity–vegetation structure–flammability feedback is currently lacking.

Here, we looked for evidence that fire severity feedbacks had occurred in a forest
dominated by epicormic resprouters using a case study located in south-eastern Australia.
Our study focused on a large area (≈77,000 ha) of eucalypt forest that was burnt by two
successive wildfires six years apart, with the first occurring during the 2007 fire season
and the second during the 2013 season. We address two questions in this study: (1) Are
patterns in reburn severity influenced by antecedent fire severity? (2) Has fuel structure
changed in response to combinations of canopy fire and understorey fire within areas of
reburnt forest? We used remotely sensed measures of wildfire severity to test whether the
severity of the 2013 fire was affected by the severity of the 2007 fire. We conducted field
surveys in areas burnt by different combinations of understorey fire (i.e., <80% canopy
scorch) and canopy fire (i.e., >90% canopy consumption) over the two successive wildfires
to assess how fuel properties varied in response to combinations of fire types.

2. Materials and Methods
2.1. Study Area

The study took place in the West Gippsland region of Victoria, Australia, approxi-
mately 140 km east of Melbourne (Figure 1). The study area was impacted by two major
wildfires prior to the commencement of the study. These fires were the “Great Divide fire”,
which burnt approximately one million hectares between December 2006 and February
2007 (referred to hereon as the “2007 fire”), and the “Aberfeldy fire”, which burnt 87,000 ha
between January and February 2013 (referred to hereon as the “2013 fire”). We note that
a third fire, the “Walhalla fire”, burnt ≈8700 ha within the study area in February 2019,
reburning areas impacted by both the 2007 and 2013 wildfires. The study was confined to
the footprint of the 2013 fire and focused on the impact of the 2007 and 2013 fires.

The study was conducted within forest communities dominated by eucalypt species
that possess the capacity to resprout epicormically [31,43,46]. Open forest communities
dominate the exposed ridges and slopes, whereas tall open eucalypt forest occupies the
mesic sheltered topographic locations (i.e., poleward aspects, lower slopes and gullies) [47].
Canopy cover ranges between 30% and 70% across both forest types [48], except after
high-severity wildfire, when it is substantially reduced [49]. Canopy height is generally
less than 30 m in the open forests but exceeds 30 m in the tall open forest communities [48].
The forests are comprised of a diverse mix of eucalypt species, including Eucalyptus conside-
niana, Eucalyptus cypellocarpa, Eucalyptus dives, Eucalyptus muelleriana, Eucalyptus obliqua,
Eucalyptus radiata, Eucalyptus sieberi and Eucalyptus tricarpa [31,46]. Across both forest types,
the understorey is characterised by a well-developed shrub and herb layer. The composi-
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tion and structure of the understorey vegetation is strongly affected by site productivity
and fire history [47–49].

Figure 1. Severity maps for the (a) 2007 Great Divide wildfire and (b) 2013 Aberfeldy wildfire. Panel (c) shows the location
of the study area (red square in the inset) and the field sites used to assess the effect of the fire combinations on fuel
properties. The footprint of the 2013 Aberfeldy wildfire has been included in each panel to provide a reference. The fire
severity classes presented in panels (a,b) are unburnt (UB), low canopy scorch (LCS), moderate canopy scorch (MCS), high
canopy scorch (HCS) and canopy consumption (CC). Descriptions of these severity classes are provided in Section 2.2. The
fire severity combinations presented in panel (c), which describe the severity of the 2007 and 2013 fires, are understorey
fire followed by an understorey fire (U/U), canopy fire then an understorey fire (C/U), understorey fire then a canopy fire
(U/C) and canopy fire then a canopy fire (C/C). Descriptions of these severity combinations are provided in Section 2.4.

The climate across the study region is temperate, with the average monthly maximum
temperature for the region ranging between 13.7 ◦C (July) and 26.7 ◦C (December), and
the average minimum ranging between 3.7 ◦C (July) and 12.9 ◦C (December) (station
85280; www.bom.gov.au, accessed on 14 May 2019). The average annual rainfall was
735.5 mm, with no strong seasonal trend occurring throughout the year (station 85280;
www.bom.gov.au, accessed on 14 May 2019).

2.2. Fire Severity Mapping

Fire severity mapping was derived for the 2007 and 2013 wildfires using Landsat
imagery and a random forest classification method described in Collins et al. [50]. This
classification scheme targets the degree of scorch and consumption of the canopy foliage,
providing a severity metric that is correlated with flame dimensions within structurally
similar communities [23,27]. The classification method identified five fire severity classes,
including (i) unburnt vegetation (UB; <10% of the understorey burnt), (ii) low canopy scorch
(LCS; <20% canopy scorch), (iii) moderate canopy scorch (MCS; 20–80% canopy scorch), (iv)
high canopy scorch (HCS; >80% canopy scorch) and (v) canopy consumption (CC; canopy

www.bom.gov.au
www.bom.gov.au
www.bom.gov.au
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mostly consumed) [24,50]. The classification method was shown to have a very high
classification accuracy across eucalypt forests (88% global accuracy) when independently
cross-validated on fires not included in the random forest training dataset [50]. Fire severity
maps were produced in the Google Earth Engine platform [28,51].

2.3. Relationships between the Severity Patterns of the 2007 and 2013 Fires

We used fire severity mapping to examine whether the severity patterns of the 2013
fire (Figure 1a) were influenced by the severity patterns of the 2007 fire (Figure 1b). Several
environmental covariates were also considered to account for the effects of fire weather,
terrain and vegetation type on the severity patterns during the 2013 fire. These variables
are described below.

2.3.1. Environmental Datasets

Fire weather conditions in eucalypt forests are operationally classified using the McArthur
Forest Fire Danger Index (FFDI). The FFDI provides a single index of fire danger (0 to >100)
that is calculated using temperature, relative humidity, wind speed and antecedent precip-
itation [52]. The index is related to the likelihood of a fire starting, the fire intensity, the
rate of spread and the suppression difficulty [53]. Six categories of FFDI are recognised for
operational purposes: low (0–12), high (13–25), very high (26–49), severe (50–74), extreme
(75–99) and catastrophic (≥100) [53]. Fires burning under severe, extreme or catastrophic
fire weather (i.e., FFDI > 50) are predominantly weather-driven fires that are characterised
by rapid rates of spread and large areas of canopy-consuming fire [53–55]. The effect of
topography and fuels on fire behaviour typically increases when FFDI falls below ≈50 [53].

Fire progression data and weather observations were used to assign fire weather con-
ditions across the 2013 fire extent. Progression data recorded by the Victorian Depart-
ment of Environment, Land, Water and Planning (DELWP) was used in combination with
hotspot data derived from the Moderate Resolution Imaging Spectroradiometer (MODIS)
(http://sentinel.ga.gov.au, accessed on 17 January 2019) to assign a day of burn across areas
of the 2013 fire. The weather data were obtained from the closest Bureau of Meteorology
weather station (station no. 85280, www.bom.gov.au, accessed on 26 April 2016). Fire weather
conditions within the fire ground can deviate considerably from conditions experienced at the
weather station, owing to topographic effects on the wind and the effect of the fire on local
weather conditions. Consequently, we used information from the nearest weather station,
coupled with observed daily rates of fire spread, to inform our classification of the fire weather
conditions (see [6]). The FFDI was calculated at 30 min intervals and the maximum daily FFDI
was extracted. We defined “severe” weather (SEV) as those days where the maximum FFDI
exceeded 49 or the average rate of forest fire spread over a 24 h period exceeded 1000 m h−1.
We defined “nonsevere” weather (NSEV) as conditions when the maximum FFDI was less
than 35 with average rates of spread that were less than 1000 m h−1.

A digital elevation model (30 m resolution) that was generated from the Shuttle Radar
Topography Mission [56] was used to derive spatial layers of slope, aspect and topographic
position, as these topographic variables have previously been found to influence fire
behaviour patterns in eucalypt forests [6,45,57]. Elevation, slope and aspect were calculated
and extracted using the Google Earth Engine platform [51]. Aspect was adjusted such
that the values were relativised with respect to north. This was done by calculating the
absolute difference between 360◦ and those aspects greater than 180◦. Values approaching
0◦ represent north-facing aspects, while values approaching 180◦ represent south-facing
aspects. A topographic position index (TPI) was calculated as the difference between
the elevation of a focal pixel and the average elevation of pixels within a 500 m radius.
Positive values of the TPI represent exposed topographic positions (i.e., ridges and upper
slopes), negative values represent sheltered positions (i.e., gullies and lower slopes) and
values close to zero represent flat areas or mid-slopes. Vegetation mapping acquired
from DELWP [47] was used to assign areas as an open forest or a tall open forest. Other
vegetation communities were excluded.

http://sentinel.ga.gov.au
www.bom.gov.au
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2.3.2. Sampling Design

Fire severity and environmental datasets were sampled using a points-based approach
following protocols developed for the analysis of wildfire severity patterns in eucalypt
forests [54,57]. The spacing between sample points is an important consideration when
sampling fire severity data, as fire behaviour displays spatial dependence within forest
ecosystems [57,58]. Topographic position imposes a strong influence on spatial patterns of
fire severity across the study landscape, with ridges and upper slopes typically burning at
a higher severity than gullies and lower slopes [54,58]. We determined that a minimum
spacing of 400 m between sample points was suitable for our study as this is the typical
distance between ridges and gullies across the study region [6]. A grid of points with 400 m
spacing was established across the extent of the 2013 fire. Fire severity, environmental
data and spatial coordinates were extracted from each point (n = 3736) and used for the
analysis. The data extraction and calculation of the TPI were undertaken in ArcGIS v10.7.1
(Environmental Systems Research Institute, Redlands, CA, USA).

2.3.3. Statistical Analysis

Ordinal regression was used to analyse the effects of past fire severity, fire weather,
terrain and vegetation on the likelihood of occurrence for each fire severity class. The effect
of past fire severity and vegetation community were fitted as two-way interactions with
fire weather. The interaction between the vegetation community and past severity was also
included to account for the different fire responses between communities. Topographic
variables were included as additive effects. Interacting smooth terms for longitude and
latitude were also included in the model to account for spatial autocorrelation. Bayesian
regression was used as it provided a robust means for fitting ordinal regression with a
complex model structure. We lacked sufficient a priori information to define meaningful
priors; therefore, uninformed priors were used when fitting the models. The models were
fitted using Markov chain Monte Carlo (MCMC) as follows: four Markov chains were
sampled, each consisting of 5000 iterations, with a 1000-iteration warm-up period, resulting
in 16,000 iterations to derive the posterior distributions for the model parameters. Model
convergence was assessed using the Gelman–Rubin diagnostic [59]. Plots of the median
and 95% credible intervals were used to visualise the effect of model parameters on the
likelihood of each fire severity class. Statistical analysis was conducted in the R statistical
package v4.0.2 [60]. Bayesian models were fitted using the “brms” package [61].

2.4. The Effect of Fire Severity on Fuel Properties
2.4.1. Field Study Design

The field study examining the effect of fire severity on fuel structure targeted areas of
open forest that were burnt by both the 2007 and 2013 fires. We focused on open forests, as
they typically occur on ridges and upper slopes in the study area and are therefore more
accessible than the tall open forests occurring on steep slopes and in gullies. We targeted
areas that were affected by fires that either predominantly burnt in the understorey (i.e.,
understorey fires) or burnt extensively in both the understorey and canopy (i.e., canopy
fires), as they are known to trigger contrasting responses from the dominant eucalypt
species. Areas that had experienced low-to-moderate canopy scorch (<80% canopy scorch)
were considered as having experienced an understorey fire, as field-based assessments have
found that this degree of canopy scorch is associated with fires burning in the understorey
fuels in eucalypt forests [27,62,63]. Areas that had experienced a high degree of canopy
consumption (>90% of the canopy foliage) were considered to have experienced a canopy
fire. Four fire severity combinations were identified across the 2007 and 2013 fires, with
these being consecutive understorey fires (U/U), a canopy fire followed by an understorey
fire (C/U), an understorey fire followed by a canopy fire (U/C) and consecutive canopy
fires (C/C) (Figure 1c).

Large patches (>150 m diameter) of each fire severity combination were initially
identified using both fire severity maps and high-resolution (<35 cm) post-fire aerial
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photographs (see [31]). Five replicate sites were selected for each fire severity combination
(n = 20). Most (90%) of the instances of understorey fire had less than 20% canopy scorch.
Fire severity classes were corroborated in the field where possible through observations
of the scorch heights on tree trunks and the presence of dead and resprouting branches
on trees. The sites were located on ridges and upper slopes with a north-facing aspect
(270–360◦ and 0–90◦) in areas that had no record of timber harvesting in the past 30 years to
control for these potentially confounding factors. Site centroids were located at least 50 m
from the severity patch edge and more than 50 m from roads or major clearings to avoid
the influence of edge effects on the vegetation structure. A minimum spacing of 500 m
was imposed between sites with different fire severity combinations, with a minimum
spacing of 1000 m between sites with the same fire severity combination to ensure the
independence of sites [31]. Field sampling took place between November 2018 and April
2019, approximately six years following the 2013 wildfire.

2.4.2. Fuel Surveys

Four vegetation strata were identified within the open forest community targeted
in our study: near-surface (grasses and herbs), elevated (shrubs and regrowth), mid-
storey (large shrubs and intermediate trees) and canopy (canopy trees) (Figure 2). These
strata have been identified as being influential in determining fire behaviour in eucalypt
forests [64,65]. The assignment of plants to each strata was based on the vegetation
aggregation at the site, rather than predetermined heights, to facilitate differences in
vegetation structure driven by environmental factors, such as fire severity (see Figure 2) [65].
Plants were assigned to the strata that encompassed most of their foliage (Figure 2).

Measurements targeted the dominant species in each of the four strata, with up to
three species being surveyed per stratum. Plots were established at each site centroid to
derive a representative sample of the dominant species. The plot size varied such that
up to 15 individuals were surveyed per dominant species, resulting in plot radii ranging
from 1 m to a predefined maximum of 25 m. Measurements of the crown base height, top
height and width of the plant in two directions were made for each individual. If fewer
than 15 individuals were found within a 25-m-radius plot, then no further measurements
were made. If more than 15 individuals occurred within a plot, irrespective of the plot
size, then these additional individuals were counted to obtain an overall density of the
species. Species that were not dominant were tallied and added to the counts for the
dominant species that had the most similar traits. The average base height and top height
were calculated for each dominant species within a stratum. Crown cover was estimated
for each stratum from the number of plants per area multiplied by the species-weighted
area of each plant crown, where crowns were treated as circular. Cover values could
exceed 100% as crowns within a stratum can overlap and crown dimensions were not
always symmetrical.

Surface fine fuels were measured using destructive sampling. Surface fine fuels were
classified as any dead flammable material <0.6 mm thick, including leaves, twigs and bark
on the ground. Four samples were collected using a circular fuel ring of 0.1 m2 at each site.
These samples were collected 5 m from the centre of the site running perpendicular and
parallel to the slope. Surface fine fuel samples were placed in a 70 ◦C oven for a minimum
of 72 h or until a constant weight was achieved. Fuels were weighted and the mass (tonnes)
of fuel per hectare was calculated.

2.4.3. Statistical Analysis

The analysis of vegetation structure focused on plant top and base heights and crown
cover. Linear mixed-effect models were used to assess the effect of the fire severity com-
binations on the top and base heights of the plants within each fuel strata. Individual
plants were treated as the unit of replication. The models included the interaction between
the severity of the 2007 (SEV07) and 2013 (SEV13) fires, with the site identifier included
as a random effect to account for plants being nested within sites. Analysis of variance
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was used to analyse the effect of the interaction between SEV07 and SEV13 on the esti-
mated canopy cover. Model residuals were visually assessed for all models to see whether
they met the assumptions of homogeneity of variance and normality of residuals. A log
transformation (ln) was performed when these assumptions were not met. Parameters
with p < 0.05 were considered statistically significant. Model predictions were used for the
graphical interpretation of the model effects. Confidence intervals (95%) were generated
using bootstrapping (n = 1000 replicates). Statistical analysis was conducted in the R statis-
tical package v4.0.2 [60]. Linear mixed models were fitted using the “lme4” package [66].
Bootstrapping was conducted using the “boot” package [67].

Figure 2. Graphic depiction of the fuel layers measured in the study. The panels show the delineation of the fuel strata
for open forests that are either (a) long unburnt or recently burnt by understorey fire and (b) recently burnt (i.e., ≈6 years
post-fire) by canopy fire. Photos (c,d) were taken six years following an understorey fire and a canopy fire, respectively. The
fuel type depicted in panel (a) corresponds to the photo in panel (c) and the fuel type in panel (b) corresponds to the photo
in panel (d). The broken horizontal lines show the boundaries between fuel strata. The fuel strata are near-surface (NS),
which includes grasses and small shrubs (typically <50 cm tall); elevated (E), which includes medium-sized shrubs and tree
saplings (typically 50–200 cm tall); mid-storey (M), which includes tall shrubs and subcanopy trees (typically >200 cm);
canopy (C), which is the uppermost tree stratum. Plants were assigned to the strata that encompassed most of their foliage.
For example, the tree that is resprouting from the trunk and branches in panel (b) would be assigned to the canopy stratum,
whereas the tree resprouting from the base would be assigned to the mid-storey stratum.

3. Results
3.1. Relationships between the Severity Patterns of the 2007 and 2013 Fires

The severity patterns of the 2013 fire were influenced by the two-way interactions
between fire weather, antecedent fire severity and vegetation community, and the additive
effects of aspect and topographic position (Table S1, Figure 3). Fire weather and antecedent
fire severity exerted a strong influence on the severity patterns of the 2013 fire (Figure 3).
The likelihood of a point remaining unburnt (UB) or experiencing an understorey fire
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(i.e., LCS and MCS) was typically lower during severe fire weather (i.e., SEV) relative to
nonsevere (i.e., NSEV) fire weather conditions, with the opposite trend being observed for
fires that scorched or consumed most of the canopy foliage (i.e., HCS and CC) (Figure 3).
Under SEV weather, the likelihood of CC was greater in areas that were previously exposed
to fires that consumed or scorched most of the canopy foliage (i.e., HCS and CC) relative
to areas that were affected by LCS or were UB (Figure 3). In the open forest communities,
the increase in CC came at the expense of the HCS class (Figure 3a, SEV), whereas in the
tall open forest communities, the increase in CC came at the expense of the MCS and HCS
classes (Figure 3b, SEV). Under NSEV weather, the effect of past fire severity was muted,
with small (∆P < 0.1) changes in the probability of fire severity classes being observed for
both open forest and tall open forest types (Figure 3).

Figure 3. The effect of the severity of the 2007 fire (x-axis) on the probability of each severity class occurring during the 2013
fire (y-axis) for (a) open forest and (b) tall open forest types under nonsevere (NSEV) and severe (SEV) fire weather. Points
show the mean and error bars are the 95% credible intervals. The fire severity codes are unburnt (UB), low canopy scorch
(LCS), moderate canopy scorch (MCS), high canopy scorch (HCS) and canopy consumption (CC). Slope, aspect, topographic
position (TPI), latitude and longitude have been held constant at their mean values.
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Fire severity was typically lower on poleward-facing aspects compared to equatorial
facing aspects and protected topographic locations (i.e., gullies) compared to exposed
locations (i.e., ridges) (Figures S1 and S2).

3.2. The Effect of Fire Severity on Fuel Properties

Canopy height and cover were affected by the severity of the 2013 wildfire (SEV13),
but not the preceding fire in 2007 (SEV07) (Table 1). Canopy top height and base height were
significantly shorter at sites experiencing canopy fire in 2013 (Figure 4). This was particu-
larly evident for canopy base height, which displayed substantial differences (mean ± S.E.)
in areas impacted by understorey fire (8.92 ± 0.16 m) and canopy fire (2.51 ± 0.14 m)
(Figure 4). The canopy cover at sites affected by a canopy fire in 2013 (57 ± 11%) was
one-third of that recorded at sites affected by an understorey fire in 2013 (177 ± 32%).
Crown height (base and top height) of the mid-storey layer was affected by the interaction
between SEV07 and SEV13 (Table 1), with taller crowns being observed at sites experiencing
a sequence of a canopy fire then an understorey fire (i.e., C/U) compared to the other fire
severity combinations (Figure 4). The cover of the mid-storey layer was not affected by fire
severity (Table 1). The fire severity classes did not affect the crown properties or the cover
of plants in the elevated and near-surface layers (Table 1).

Figure 4. Model predictions for the plant crown top and base heights across the four fuel strata. The left panel shows
the canopy and mid-storey layers. The right panel shows the elevated and near-surface layers. Upward-facing triangles
represent the average crown top height and downward-facing triangles represent the average crown base height. Error bars
show the 95% confidence intervals. The broken line in the left panel corresponds to the maximum height (2.5 m) in the
right panel. The fire severity combinations are understorey fire followed by an understorey fire (U/U), canopy fire then an
understorey fire (C/U), understorey fire then a canopy fire (U/C) and canopy fire then a canopy fire (C/C).

The surface fine-fuel load was affected by SEV13 but not SEV07 (Table 1). The average
fine-fuel load on sites burnt by a canopy fire in 2013 (2.45 t ha−1) was less than half that
recorded at sites burnt by an understorey fire (5.90 t ha−1).
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Table 1. Summary of the models that were used for testing the effects of fire severity combinations
on fuel properties. Five fuel strata were considered. The effect of the fire severity combinations on
crown top height, base height and cover were assessed for each vegetation stratum (excluding the
base height for near-surface fuels). Fuel biomass was assessed for surface fuels. Values highlighted
in bold are statistically significant (p < 0.05).

Stratum Response
SEV07 SEV13 SEV07 × SEV13

F p-Value F p-Value F p-Value

Canopy
Top height 0.561 0.465 11.958 0.003 0.391 0.541
Base height 0.008 0.931 93.426 <0.001 0.001 0.972

Cover 0.443 0.515 20.957 <0.001 0.836 0.374

Mid-storey
Top height 11.041 0.006 2.990 0.107 5.854 0.031
Base height 10.825 0.006 8.669 0.011 9.023 0.010

Cover 0.159 0.696 0.342 0.569 3.366 0.090

Elevated
Top height 1.535 0.233 1.422 0.250 1.536 0.233
Base height 2.065 0.170 2.743 0.117 1.402 0.254

Cover 0.116 0.737 0.776 0.391 0.009 0.924

Near-surface
Top height 2.400 0.141 0.022 0.884 0.001 0.972

Cover 0.499 0.490 2.229 0.155 0.729 0.406
Surface Biomass 0.582 0.457 11.768 0.003 0.215 0.650

4. Discussion

Our study found evidence that the reburn patterns of the 2013 Aberfeldy wildfire were
influenced by the severity patterns of the 2007 Great Divide wildfire, though these effects
were strongly constrained by fire weather conditions. Under conditions of severe weather,
the likelihood of canopy consumption (CC) during the 2013 fire was the highest in areas
where the preceding fire had a substantial impact on the canopy structure (i.e., HCS or CC)
and the lowest in areas where the canopy was minimally affected (LCS) or did not burn
(UB). Reburn severity exhibited a shift from moderate or high canopy scorch to canopy
consumption as the prior fire severity, and hence canopy disturbance, increased. However,
under conditions of nonsevere fire weather, the antecedent fire severity had little effect on
the reburn severity. These results provide some agreement with previous research that
has found evidence of positive relationships between reburn severity and antecedent fire
severity in resprouting eucalypt forests across the Sydney basin bioregion of south-eastern
Australia [45] and conifer forests of the western United States (e.g., [68,69]).

Fuels were most sensitive to the severity of the 2013 fire at the time of sampling, which
took place approximately six years post fire. There were three key changes to fuels in
response to the severity of the 2013 fire, with sites impacted by canopy fires having (i)
smaller gaps between the canopy fuels and understorey fuels (i.e., surface, near-surface,
elevated and mid-storey), (ii) reduced tree canopy cover and (iii) less biomass of surface fine
fuels. We found no evidence that repeated exposure to canopy fire resulted in a transition
to a different fuel state. The resilience of these forests to repeated canopy fire contrasts with
forests dominated by obligate seeder eucalypts, which display transitions to alternative
fuel states (e.g., Acacia-dominated communities) with elevated flammability [32,70].

Changes to the structural properties of vegetation were primarily driven by the fire
response of the mid-storey and canopy species. Resprouting eucalypts display high rates
of survival following canopy fires (typically >95%), with aerial resprouting being common
amongst large stems (>30 cm diameter at breast height), and basal resprouting being preva-
lent amongst smaller stems [31,46]. Vigorous epicormic and basal resprouting following
canopy fires increased the vertical connectivity of fuels, creating a ladder structure from
the surface to the canopy (Figure 2d). In contrast, substantial gaps between the understorey
and canopy fuels were present at sites that had only been exposed to understorey fires
(Figure 2c). The observed differences in the vertical connectivity of fuels likely explain the
greater propensity for canopy consumption during the 2013 fire in areas that had previously
experienced a canopy-defoliating fire (i.e., HCS and CC), as increasing fuel hazard in strata
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close to the surface fuel layer often leads to taller flame heights in eucalypt forests [64],
while a reduction in the spacing between the canopy and surface fuel strata should increase
the likelihood of canopy fire initiation [71]. The loss of canopy cover following a canopy
fire may also contribute to these trends by increasing in-stand windspeed, the rate of fire
spread, and consequently, flame height [64]. Although our study was not specifically de-
signed to assess the temporal changes in fuel following canopy-defoliating fires, our results
suggest that by 12 years post canopy fire (i.e., C/U), gaps between the canopy-stratum
and mid-storey fuels were considerably smaller than at sites that had experienced two
understorey fires (i.e., 2.8 m vs. 6.4 m; Figure 4). The rapid growth rates of seedlings and
basal resprouts, coupled with the mortality of epicormic shoots on the lower stems of trees
(LC, personal observation) were likely driving these temporal changes in fuel connectivity
following a high severity fire.

Research examining the effect of fire severity on ecosystem flammability has pre-
dominantly focused on forests dominated by obligate seeder and basal resprouter canopy
species, where a high-severity fire typically causes complete mortality or topkill of canopy
species (e.g., [14,32]). The transition towards shrub-like structure, driven by the mass
recruitment and regeneration of shrubs and trees following a high-severity fire, typically
increases fuel hazard and flammability in these systems [14,32]. Our study suggests that an
alternative mechanism, namely, resprouting from the tree stems, may have driven the in-
creased propensity for canopy fires in eucalypt forests dominated by epicormic resprouters
that have been recently burnt (i.e., 6 years since the fire) by canopy-defoliating fires. How-
ever, we do note that shrub cover was relatively sparse across the forests examined in
our study, possibly reflecting the combined effects of low rainfall, shallow rocky soils and
recent short interfire intervals [36,48]. Therefore, post-fire shrub recruitment may be a
more influential determinant of fire severity in eucalypt forests dominated by epicormic
resprouters elsewhere (see [22,35,45]). Furthermore, shrubs will likely be important in
determining fire severity patterns at longer interfire intervals (e.g., 10–30 years), owing to
the timing of shrub maturation and senescence [45,47,54]. Knowledge of the distribution
of community fire response traits will be an important requirement for predicting changes
to ecosystem flammability in response to fire severity.

The fuel assessments conducted in our study were limited to two contrasting fire
types (understorey vs. canopy consuming fires), representing the upper and lower ends
of the fire severity spectrum [27]. However, vegetation and fuels may display a range of
responses, depending on the degree of scorch and the consumption of canopy foliage. For
example, fire severity classes involving extensive canopy scorch will produce different
patterns in epicormic resprouting compared to canopy consumption, owing to the greater
likelihood of branch and stem mortality following canopy consuming fires [31,72]. Epi-
cormic resprouting will generally occur higher along the stem and branch profile following
canopy scorch, leading to a more rapid recovery of canopy height and cover compared to
canopy consumption, though tree characteristics (e.g., size, bark thickness and type) will
also be influential in this regard [31,72–74]. Further research examining the response of the
structural properties of fuels to a broader range of fire severity classes is warranted as this
would facilitate a better understanding of fire severity feedbacks between fires.

Fire weather was found to be an important driver of the occurrence of the two highest
fire severity classes (i.e., HCS and CC) in the fire examined in our study. This finding is
in agreement with a large body of work that has identified top-down drivers (e.g., wind,
temperature, humidity and drought) as the primary determinants of fire occurrence, size
and severity in forests, with bottom-up factors (e.g., vegetation structure and terrain)
having secondary effects (e.g., [4,6,58,75]). The effect of fuel properties (i.e., biomass and
structure) on fire behaviour is typically assumed to decrease as the fire weather becomes
more severe [53]. However, we found that antecedent fire severity, a proxy for vertical
connectivity of fuels, had a greater influence on reburn severity under severe fire weather
as opposed to nonsevere fire weather conditions. While high-severity fire reduces the
vertical spacing between the surface and canopy fuel strata, the propagation of fire into the
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canopy is strongly dependent on the occurrence of severe weather conditions. The ignition
of canopy fuels is influenced by the exogenous factors affecting the flammability of fuel
particles (e.g., moisture content), although the spacing of these fuels will place limits on
whether ignition is possible [19,76].

It has been proposed that high-severity fires in resprouting eucalypt forests could
potentially generate a “runaway positive feedback”, whereby high-severity fire becomes
self-sustaining [45]. While our findings demonstrate a positive association between an-
tecedent canopy defoliating fires and the occurrence of a subsequent canopy fire, it was
evident that fire weather and landscape factors (e.g., terrain, vegetation community) im-
posed major constraints on fire severity. For example, the likelihood of repeated canopy-
consuming fires decreased considerably as the weather conditions transitioned from se-
vere to nonsevere, with canopy-consuming fire being largely absent under nonsevere
weather (Figure 3). Fire weather has been found to impose similar constraints on the
occurrence of canopy fire more broadly across the eucalypt forests of south-eastern Aus-
tralia (e.g., [54,58,77,78]). Topographic factors (e.g., aspect and TPI) further moderate fire
behaviour in eucalypt forests, with the likelihood of a canopy fire typically decreasing
from exposed aspects (equatorial-facing upper slopes) to sheltered aspects (poleward-
facing lower slopes) (Figures S1 and S2) [45,54,58]. Therefore, self-sustaining fire severity
feedbacks will likely be localised in eucalypt forests that are dominated by epicormic
resprouters given the spatial and temporal constraints imposed by fire weather, terrain
and the rapid regeneration of fire-resilient plant species, as highlighted for ecosystems
elsewhere (e.g., [69]).

Fuel hazard management across the eucalypt forests of southern Australia primarily
focuses on the time since fire, with little consideration of fire severity patterns (e.g., [20,79]).
This partly reflects the historic emphasis on the importance of fine-fuel biomass in models
that are used to predict fire behaviour (e.g., [80,81]), with little regard for the arrange-
ment of fine-fuels. Accessibility to reliable fire severity mapping has been another limita-
tion, though this has been resolved through recent advances in fire severity classification
techniques [28,82]. Research aimed at quantifying the effect of fire severity on fuel hazard
in eucalypt forests over time should be a priority for fire management agencies. Under-
standing the patterns in the temporal development of fuel hazard following low- and
high-severity fires will be critical for quantifying the risk fire poses to both environmental
and built assets. Further development of models that can incorporate the effect of fire
severity on vegetation structure and composition (e.g., [19]) should be a priority for fire
risk modelling research.

5. Conclusions

Climate change is increasing the frequency and severity of conditions that are con-
ducive to large wildfires across forested regions worldwide [2,9,10]. Feedbacks between
fire severity and vegetation structure have the potential to accelerate or constrain the
effect of climate change on extreme wildfire events [11,12]. Our results demonstrate that
canopy-defoliating fires can increase the vertical connectivity of fuels in resprouting eu-
calypt forests in the short term (e.g., 6–12 years post fire), increasing the likelihood of
future canopy fires under severe fire weather conditions. These findings are consistent
with a growing body of evidence showing that high-severity canopy-disturbing fires cause
transitions towards fuel states with greater ignitability and propensity to burn at a high
severity [14,30,68]. There is evidence that the increasing frequency of severe fire weather
has already driven the contraction of interfire intervals and increased the area affected by
high severity fire across large areas of south-eastern Australia [83–85]. These changes to
fire weather and fire regimes, coupled with increased canopy fuel connectivity resulting
from exposure to high-severity fire, have likely increased the propensity for high-severity
fires across areas of southern Australia.
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